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Prediction of the separation performance of hydrocyclonesfor oil-

water separation by artificial neural networ k model
LuMingchang® Shu Zhaohui® Yi Jingwei® Sheng Hongzhi*
(1 Institute of Mechanics, Chinese Academy of Sciences, Beijing 100800 ; 2 College of
Energy and Power Engineering, Huazhong University of Science and Technology , Wuhan 430074, China)

Abstract : Oil-water separation in hydrocyclones was s mulated by an i mproved back propagation (BP)
neural network model. According to the actual hydrocyclones operating condition , an optimized
structure of BP neural network was ascertained. Genetic algorithm was used to optimize the initial
weight and the polak-ribiére-polyak (PRP) conjugated method was used to optimize the algorithm of
BP neural network. The resultsindicate that predicting the separation performance of hydrocyclones
by means of artificial neural network isfeasible. It can smulate the oil-water separation process efi-
ciently. And theoptimization of the operation of hydrocyclones can be realized by the s mulation of BP
neura network.
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