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Discrete HuberM-CKF filter based mobile robot positioning in WSNs
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Sciences Beyjing 100190 China; 3. School of Astronautics Harbin Institute of Technology Harbin 150001 China)

Abstract: According to problem of low accuracy in traditional mobile robot localization this paper designed the discrete Hu—
berM-CKalmam filter ( HCKF) based mobile robot positioning algorithm. Tt made use of the cost function of HurbM maximum
likelihood estimation to solve the linearized CKF observation matrix which improved the estimation accuracy for CKF filter al—
gorithm with unknown-non-Gauss white noise disturbance. Then it constructed WSNs based experiment environment for mo—
bile robot at gymnasium and combined with mobile robot dynamics model it compared the positioning accuracy for the HCKF
and the CKF algorithm. The results show that for the two cases of non interference and unknown noise interference the pro—
posed method respectively improves the accuracy of HCKF algorithm about 7% and 15% more than CKF algorithm.
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